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Zunkobot: A Multiple Knowledge Bases Integrated Chatbot System
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Abstract:

This paper describes our chatbot system submitted to SLUD Dialogue System Live Competetion.

Our chatbot is based on a sequence-to-sequence (seq2seq) model, which returns a reply to a user’s

utterance. In addition, to attract user’s interest, we integrate four modules, (i) Trivia module (ii)

Quiz module, (iii) Pun recognition/generation module, and (iv) Virtual persona module. When

some specific words are included in user’s utterances, one of the modules is selected and returns

module-specific outputs. As a virtual personality, our chatbot plays “Tohoku Zunko”, a Japanese

animation character.
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